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Summary:

In this study a multi-gene genetic programming (MGGP) and artificial neural
network (ANN) are used to develop two models for prediction of compliance in concrete.
The first model was developed by MGGP technique and the second model by hybridized
MGGP-ANN. A total of 187 experimental data sets are filtered from the NU-I1TI database
to develop this models. The two models contain six input variables which are: average
compressive strength, relative humidity, volume to surface ratio, cement type, age at start
of loading and age at the creep measurement. The output is compliance in concrete. The
models: ACI209, CEB, B3 and GL2000 are used to confirm the accuracy of MGGP and
MGGP-ANN models by comparing the results of six models against NU-ITI database.
The accuracy of the models can be arranged as follows: MGGP-ANN model, GL2000
model, MGGP model, B3 model, ACI209 model and CEB model which has the least
accuracy.
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