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Data mining has been a powerful technique

in

analyzing and utilizing data in today’s information
rich society. A fundamental problem in data mining
is the process of finding frequent patterns in large
datasets. Frequentitemsets play an essential role in
many data mining tasks that try to find interesting

patterns from databases. With the rapid developme
of computers and communication networks, da
mining in distributed environment is becoming
heated problem. Distributed data mining (DDM)
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is

expected to relieve current mining methods from the
sequential bottleneck, and provide the ability to scale

to massive data sets and improve the response tim
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The aim of this work is to present a modified parallel
algorithm that makes an enhancement of parallel
buddy prima algorithm. The modified parallel

algorithm doesn’t need to load all transaction

n

memory. It may be inapplicable for large data sets

with many distinct items. Modified algorithm preve

nt

full scan of all transaction set each time we calculate

the support count of a candidate set. The algorithm

is

implemented, and is compared to its predecessor

algorithms. The comparisons were made

on

processing time and the accuracy of each algorithm.
Results of applying the proposed algorithm show

faster performance than other algorithms witho
scarifying the accuracy.
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Abstract

Data mining has been a powerful technique in analyzing and utilizing data in
today’s information rich society. A fundamental problem in data mining is the
process of finding frequent patterns in large datasets. Frequent itemsets play an
essential role in many data mining tasks that try to find interesting patterns from
databases. With the rapid development of computers and communication networks,
data mining in distributed environment is becoming a heated problem. Distributed
data mining (DDM) is expected to relieve current mining methods from the
sequential bottleneck, and provide the ability to scale to massive data sets and
Improve the response time.

The aim of this work is to present a modified parallel algorithm that makes an
enhancement of parallel buddy prima algorithm. The modified parallel algorithm
doesn’t need to load all transaction in memory. It may be mapplicable for large
data sets with many distinct items. Modified algorithm prevent full scan of all
transaction set each time we calculate the support count of a candidate set. The
algorithm is implemented, and is compared to its predecessor algorithms. The
comparisons were made on processing time and the accuracy of each algorithm.
Results of applying the proposed algorithm show faster performance than other
algorithms without scarifying the accuracy.
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ABSTRACT

Name: Ahmed Farouk Abd El_Aziz.
Thesis title: Frequent Itemset Mining for Big Data

A thesis for M.Sc. degree. Ain Shams University, Faculty of
Engineering, Computer and Systems Engineering Department, 2015.

Discovering the frequent item sets requires a lot of computation power,
memory and input/output values, which is better to be provided by
parallel processing. The implementation of data mining ideas in high
performance parallel and distributed computing environments is
becoming crucial for ensuring system scalability and interactivity as data

continues to grow in size and complexity.

The aim of this work is to present a modified parallel algorithm that
makes an enhancement of parallel buddy prima algorithm. The modified
parallel algorithm doesn’t need to load all transaction in memory. It may
be inapplicable for large data sets with many distinct items. Modified
algorithm prevent full scan of all transaction set each time we calculate
the support count of a candidate set. The algorithm is implemented, and is
compared to its predecessor algorithms. The comparisons were made on
processing time and the accuracy of each algorithm. Results of applying
the proposed algorithm show faster performance than other algorithms

without scarifying the accuracy.
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Chapter 1
INTRODUCTION

1.1 Background

Database has been wused in Dbusiness management, government
administration, scientific and engineering data management and many
other important applications.

Data mining is an important part of computer science; it aims on finding
information from database that is not already known by users of various
application areas. The ever-growing amounts of data makes mining in
most of them indispensable since the data sets often contain valuable
information that cannot be obtained manually.

Frequent itemset mining is a popular part in the area of data mining with
the goal of finding values or items that co-occur frequently together in a
data set.

In many of applications, the response time of the mining process is
important because the process is often executed and the results are
required as soon as possible.

In general, there exist a large number of well-designed itemset mining
algorithms that are very efficient on small data sets. However, most of
them cannot be applied on large data sets because they do not take
advantage of the full spectrum of available parallelism provided by
modern processors.
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